In this appendix, I provide additional information about the impact of access and search on prices paid. Table A .1 shows the difference in prices between corporate and noncorporate employees for each of the twenty weeks preceding access. These results are an expanded version of those presented in column (4) of Table 5 . Table A .2 shows the first stage results for the IV regression that estimates whether search affects prices. The first stage is given in equation (3) and reproduced below.
As seen in column (1) of Table A .2, when the first definition of called ijmt is used, access increases the probability of having price information about a particular procedure by just over 9 percentage points. When it is assumed that employees do not forget the price information they were previously given (column (2)), the impact of access on price information increases slightly. And when the extreme assumption is made that employees receive information about every procedure they have after their first call, the impact of access on procedures searched for increases to 15.3 percent. In each case, the first stage F-statistic is larger than 37. In this appendix, I provide additional summary statistics for the corporate employees and show that the sample inclusion criteria do not significantly impact the main results. The additional summary statistics for searchers and nonsearchers appear in Table B .1. Results that show the robustness of the main result to the use of different sample inclusion criteria are presented in Table B .2.
Turnover in the restaurant business tends to be very high, particularly among fast food restaurants. This is at least partially due to the high proportions of teenagers and students employed in this industry. My data include two groups of employees: corporate office employees and head chefs and managers at the company's restaurants. The data do not include information or health claims for the line cooks, waiters, waitresses, greeters, or other employees who were not managers or head chefs. As a consequence, turnover is much lower in my sample than for the industry as whole. In addition, turnover tends to be lower during recessions; my data cover the years 2009 and 2010. The composition and time frame of my sample reduce concerns that turnover is significantly affecting the results, but do not eliminate them entirely. To be included in the main sample, the person had to have been employed at the firm for at least six months in 2010. In the claims data, I only observe claims for a person if she is employed with the firm at the time of the medical care. Because of this, differential entry or separation from employment in the corporate and noncorporate groups could bias the estimated results. Employees from the corporate offices did not ever switch over to noncorporate employment. There were very few employees who switched from noncorporate positions to corporate positions.
I estimate equation (1) for different samples. First, I restrict the sample to those employed for at least 9 months in 2010; second, I restrict the sample to those employed for at least all of 2010; and third, I return to the baseline sample but exclude the employees who switched from the noncorporate group to the corporate group. The results are presented in Table B .2. As seen in that table, the estimated impact of access on prices changes very little across the different samples. In each case, the data suggest that access reduced the prices paid by 1.5 percent to 1.6 percent. Dependent variable is Ln(price). Regressions include week-year, employee, and marketprocedure-setting fixed effects, and indicators for whether employee had fulfilled deductible. Different samples used in each column. Column (1) reproduces result from main sample. Column (2) restricts to people employed at company for at least 9 months in 2010. Column (3) restricts to people employees at company for at least all of 2010.
Column (4) drops the few employees who switched from non-corporate to corporate.
Standard errors clustered by market. * p<.10, ** p<.05 *** p<.01
In this appendix, I present additional evidence on the impact of health insurance coverage on search. In particular, I restrict the sample to employees who have access to Compass and are within $200 of the deductible threshold. I estimate whether those just below the deductible threshold are more likely to search than those who are just above it. To the extent that the employees are forward-looking in their consumption of health care, this comparison will tend to understate the association between the marginal price for care and search behavior. In the raw data, those just above the threshold searched in 1.4 percent of the weeks while those just below the threshold searched in 2.7 percent of the weeks.
As seen in column (1) of Table C .1, a simple probit regression of calling on search closely reproduces this raw difference in means. Unfortunately, there is very little statistical power to distinguish the marginal effect from the null hypothesis. The point estimate itself suggests employees who had met their deductibles were 70 percent less likely to search in a given week than those who had not met their deductibles. Although this difference is consistent with the associations seen in the main text, it could be driven by omitted time trends: as weeks pass, more people are likely to have met their deductibles. Column (2) includes week fixed effects that account for this possibility. The point estimate falls slightly, but remains economically large. In the final column, controls for the demand for care are included. As in the main text, this is a cubic in cumulative medical spending up to the previous week. There is little difference in the estimated marginal effects between columns (2) and (3). Although these estimated impacts of meeting the deductible on search are very imprecisely estimated, they are consistent with the results presented in the main text and suggest a role for moral hazard in search. 
